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مراجعة منهجية لرسم الخرائط تأثير الذكاء الاصطناعي في مرونة سلسة التوريد:   

 د. مريم سعد النعيمي 

 كلية ادارة الأعمال، جامعة الدوحة للعلوم و التكنولوجيا 

 الدوحة، قطر 

بسبب تزايد وتيرة وشدة الاضطرابات مثل الكوارث  اكتسبت مرونة سلسلة التوريد اهتماما كبيرا في السنوات الأخيرة  : الملخص

بحثياا ناشئاا. تقدم هذه   من خلال الذكاء الاصطناعي مجالاا لذا، يعد تعزيز مرونة سلسلة التوريد الطبيعية و الصراعات و الأوبئة. 

أثير تقنيات الذكاء الاصطناعي في تحسين مرونة سلسلة  مراعاة الأبحاث الحالية حول تلرسم الخرائط لالورقة مراجعة منهجية  

المراجعة تطبيق الذكاء الاصطناعي في خصائص سلسة  تصنف هذه  . من خلال التحليل الهيكلي للدراسات ذات الصلة،  التوريد

، الآلي عملياا ئج أن الذكاء الاصطناعي، والتعليم  . تكشف النتا الأدبياتة وتحدد الاتجاهات و التحديات و الثغرات في  التوريد المختلف

،  سلاسل التوريد. ومع ذلكؤية، والأتمتة، له تأثير ملحوظ على تعزيز المرونة وخفة الحركة و الاستجابة في  والتحلسلات التنب

الاصطناعي مع عمليات صنع القرار البشرية و قوة سلاسل التوريد التي تعتمد على  تكامل الذكاء  حول  محدودة  هناك أبحاث  

ملية لأعمال التجارية التي اتجاهات البحث المستقبلية و الآثار العبتحديد  الذكاء الاصطناعي على المدى الطويل. وتختم الورقة  

 الى تعزيز مرونة سلسة التوريد باستخدام الذكاء الاصطناعي.تهدف 

الكلمات المفتاحية: مرونة سلسلة التوريد، الذكاء الاصطناعي، المرونة، الصلابة، التعافي، التعلم الآلي، التحليلات التنبؤية،  

 الأتمتة والروبوتات، معالجة اللغة الطبيعية. 
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Abstract: Supply chain resilience has gained significant attention in recent years due to the 

increasing frequency and severity of disruptions such as natural disasters, disruption, conflict, and 

pandemic. Supply chain resilience enhancement through Artificial Intelligence (AI) is an emerging 

research area. This paper presents a systematic mapping review to considerate the existing body 

research on the impact of AI technologies in improving supply chain resilience. Through a 

structure analysis of relevant studies, this review categorizes AI application in various supply chain 

function and identifies trends, challenges, and gaps in the literature. The findings reveal that AI, 

practically machine learning, predictive analytics, and automation, has a notable impact on 

enhancing flexibility, agility, and responsiveness in supply chains. However, there is limited 

research on the integration of AI with human decision-making processes and the long-term 

robustness of AI driven supply chains. The paper concludes by identifying future research 

directions and practical implications for business aiming to enhance supply chain resilience using 

AI.     
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1. Introduction:   

Supply chain resilience is the capability of a supply chain to adjust and recover from disruptions 

without affecting its functionality (Christopher and Peck, 2004; Ponomarove and Holcomb, 2009; 

Hohenstein et al., 2015; Tukamuhabwa et al., 2015; Ivanov et al., 2019; Belhadi et al., 2021; 

Ghadge et al., 2022; Kalusivalingam et al., 2022; Wang and Pan, 2022; Ali and Khanm 2023; Dey 

et al., 2023; Papadopoulos et al., 2023; Belhadi et al., 2024). Global events like the Covid-19 

pandemic, trade disruptions, and climate change related risk have heightened the importance of 

resilient supply chains (Ivanov, 2020; Wang et al., 2020; Singh et al., 2021; Beck et al., 2023).  

 

Artificial Intelligence (AI) is being increasing used by organizations to enhance their supply chain 

resilience (Tjahjono et al., 2017; Kamble et al., 2020; Chowdhury and Paul, 2021; Dubey et al., 

2021; Singh et al., 2023). Machine Learning (ML), predictive analytics, automation, and robotics 

are AI technologies that have promising results in improving decision making processes, 

optimizing operations, and enhancing responsiveness to disruptions (Kamble et al., 2020; Dubey 

et al., 2021).  

 

Although AI is widely recognized as a potential tool to improve supply chain resilience, there is 

no comprehensive review that consolidates and analyzes its impact on various supply chain 

functions (Dubey et al., 2020; Chowdhury and Paul, 2021; Ivanov, 2021). The aim of this paper is 

to address this gap by carrying out a systematic mapping review of the literature on the impact of 

AI on supply chain resilience. The review categorizes studies based on AI applications, resilience 

dimensions, and supply chain functions, highlighting emerging trends, challenges, and research 

gaps.  

   

2. Methodology:  

Systematic mapping review also known as scoping review have developed through the Cochrane 

Collaboration (Sheldon and Chalmers, 1994; Hemsly-Brown and Oplatka, 2015; Petersen et al., 

2015). Systematic mapping reviews aim to identify the breadth and nature of research in a specific 

area and categorizes existing studies into various themes or topics (Arksey and O’Malley,2005; 

Peters et al., 2015).  

2.1 Systematic mapping review process  

This study conducted a systematic mapping review using the process proposed by Petersen et al., 

(2008). (Figure 1).  
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Process Steps 

 

 

 

 

 

Figure 1. The systematic mapping review using the process proposed by Petersen et al., (2008). 

 

 

Outcomes 

Figure 1 Systematic mapping review process proposed by Petersen et al., (2008)  

The study aimed to explore the literature on supply chain resilience and Artificial Intelligence. The 

mapping questions followed the procedure introduced by Kitchenham and Charters (2007) by 

identifying three mapping questions and the main motivation behind each as shown in Table 1.  

The study uses a structure of the population, intervention, comparison, outcome, and context 

(PICOC) procedure for the Mapping questions (Kitchenham and Charters, 2007). The studies have 

different methodological approaches, so this paper did not compare any interventions. 

Furthermore, obtaining comprehensive insights into studies with divers methodologies is 

challenging while conducting analysis systematic (Tranfield et al.,2003). Deposit the primary use 

of systematic review in medical sciences, guidelines have also been developed and recommended 

for social sciences (Davis et al., 2014; Palmatier et al., 2018). Analyzing qualitative systematic 

reviews in area where methodological approaches differ can make relevant questions relevant 

(Grant and Booth, 2009; Palmatier et al., 2018). The mapping questions were analyzed in relation 

to the outcomes of specific studies that focused on addressing and examining Artificial intelligence 

and supply chain resilience. It’s crucial to define the review strategy after identifying the mapping 

questions. It is important to design the review strategy in stages with a systematic and explicit 

method, to ensure complete coverage of the research area (Peterson et al., 2015). The next section 

covers the steps taken in this study:  

• Search strategy  

• Screening  

• Extracting and synthesis  

• Reporting  

 

Table 1 Systematic mapping review questions  

Definition of 

Research Question 
Conduct Search Screening of Papers 

Keywording using 

Abstracts 

Data Extraction and 

Mapping Process 

Review Scope All Paper Relevant Papers  
Classification 

Scheme 
Systematic Map 
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 Mapping Questions Rational  Focus Area 

MQ1 What are the AI 

technologies address 

with supply chain 

resilience?  

Identifying a list of AI 

technologies used 

with supply chain 

resilience.  

Artificial Intelligence 

and Supply chain 

resilience.   

MQ2 What are the supply 

chain functions 

examined with AI 

application?  

To identify the supply 

chain functions 

examined with AI 

application.  

Artificial Intelligence 

and Supply chain 

resilience.   

MQ3 What are the 

resilience dimensions 

enhanced by the AI?  

To identify the 

resilience enhanced 

by the AI 

Artificial Intelligence 

and Supply chain 

resilience.   

 

 

 

2.1.1 Search Strategy 

To address the research questions, it is important to identify and search for all possible sources of 

information. Identifying keywords in a critical manner is important for the development of search 

strings by applying them to academic data bases.   

A comprehensive search was conducted in several academic databases, including: Scopus, Web of 

Science, Google Scholar, IEEE Xplore, and SpringerLink. Brainstorming process was used to 

identify keywords related to the subject based on prior articles and experts’ opinions. The search 

strings for the selected included logical connectors such as AND,OR, and NOT.  

To capture the most recent development in AI and supply chain resilience, the search was 

conducted on studies published between 2010 and 2023. Keywords used in the search include: 

“AI”, “artificial intelligence”, “supply chain resilience”, “supply chain functions”, AI 

applications”, “AI technologies” “machine learning”, “predictive analytics”, “automation”, and 

“flexibility”, “agility”, and “robustness”.  

2.1.2 Screening  

The intention of this step was to locate studies that correspond to the research questions by 

analyzing their title, abstract, and keywords. The inclusion and exclusion criteria were utilized to 

evaluate the candidate studies identify during the initial search step.  

• Inclusion Criteria: Studies that explore the application of AI in supply chain management, 

particularly those addressing resilience, agility, flexibility, and responsiveness.  

• Exclusion Criteria: studies focusing on general AI applications in supply chain 

management without specific focus on resilience, or studies that do not provide empirical 

or theoretical insights.  

 The systematic mapping review process is shown in detail in figure 2 
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Figure 2 The systematic mapping review process 

2.1.3 Data Extraction 

The initial search yielded a total of 120 studies, and after screening, 45 studies were selected for 

detailed analysis. Studies were categorized based on:  

• AI Technology: Machine learning, predictive analytics, automation, robotics, natural 

language processing  

• Supply Chain Functions: Procurement, logistics, inventory management, production, 

demand forecasting, and distribution.  

• Resilience Dimensions: Agility, flexibility, robustness, and recovery.  

 

3. Results 

3.1AI Technologies in Supply Chain Resilience:  
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AI Technologies encompass a wide range of advanced technologies that enable machines, 

computers to carry out tasks that usually required human intelligence (Belhadi et al., 2021; Choi 

et al., 2022; Jain et al., 2023). The tasks involve acquiring knowledge from experience, 

comprehending natural language, recognizing patterns, deciding, and resolving complex problems 

(Kalusivalingam et al., 2022; Wang and Pan, 2022; Ali and Khanm 2023; Belhadi et al., 2024). 

Supply chain resilience is being significantly improved by AI technologies, which aid businesses 

in anticipating, responding to, and recovering from disruptions faster and more effectively (Ivanov 

et al., 2019; Belhadi et al., 2021;Ghadge et al., 2022; Kalusivalingam et al., 2022; Wang and Pan, 

2022; Ali and Khanm 2023; Dey et al., 2023; Papadopoulos et al., 2023; Belhadi et al., 2024). AI 

can assist in improving forecasting, optimizing operations, and ensuring better decision making as 

supply chain become more complex and exposed to various risks, such as natural disasters, 

geopolitical tensions, economic shifts, and pandemics (Ivanov et al., 2019; Wang and Pan, 2022; 

Ghadge et al., 2022; Papadopoulos et al., 2023).  

Several AI technologies that help enhance supply chain resilience were identified in the review:  

3.1.1 Machine Learning:  

Machine learning is the most commonly applied AI technology used for demand forecasting, 

predictive maintenance, and anomaly detection (Ni et al., 2020; Akbari, 2021; Riahi et al., 2021; 

Trikolaee et al., 2021; Ghauhan et al., 2022; Ghazal et al., 2022; Akhari et al., 2023). The use of 

machine learning can improve supply chain resilience by enhancing forecasting, optimizing 

operations, and enabling proactive decision making (Choi et al., 2020; Ni et al., 2020; Akbari, 

2021; Riahi et al., 2021; Trikolaee et al., 2021; Ghauhan et al., 2022; Ghazal et al., 2022; Akhari 

etal., 2023; Yang et al., 2023). Machine learning enhances the precision of demand forecasting by 

examining historical data to uncover patterns and more accurately anticipate future demand 

compared to conventional techniques. It assists companies in preventing both overstock and stock 

shortages by predicting variations in demand (Buyukozkan and Gocer, 2018; Choi et la., 2020; 

Kalusivalingam et al., 2022; Younis et al., 2022). Furthermore, machine learning takes into 

consideration factors such as seasonality, promotional activities, and market dynamics, thereby 

offering more accurate insights to synchronize inventory levels with genuine demand 

(Buyukozkan and Gocer, 2018; Choi et la., 2020; Akbari, 2021; Younis et al., 2022; Akhari et al., 

2023).  

On the other hand, machine learning algorithms improve inventory management by optimizing 

stock quantities while considering elements such as demand fluctuations, lead times, and storage 

expenses. By forecasting demand trends, companies can ensure they hold the appropriate inventory 

levels, thus preventing both shortage and excess stock. Furthermore, machine learning facilities 

automated replenishment, allowing for real time recording driven by demand indicators and 

existing stock level, thereby minimizing human error in inventory management decisions 

(Buyukozkan and Gocer, 2018; Choi et la., 2020; Akbari, 2021; Younis et al., 2022; Akhari et al., 

2023).  

3.1.2 Predictive Analytics:  

Predictive analytics frequently employed for managing risk, forecasting demand, and predicting 

disruption. Predictive analytics empowers organizations to recognize and evaluate potential risk 
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within the supply chain, including geopolitical events, natural disasters, or supply disruptions. By 

analyzing historical risk data alongside real time information, such as weather trends and political 

unrest, predictive models can provide advance alerts, allowing companies to implement proactive 

strategies (Christopher and Peck, 2004; Baryannis et al., 2019; Soni et al., 2019; Hirsch et al., 

2024). 

Moreover, productive analytics enables organizations to enhance their demand forecasting by 

examining historical data, seasonal patterns, customer behaviors, and external influences such as 

economic conditions and market trends. By achieving more precise demand forecasts, companies 

can effectively synchronize their inventory management, production timelines, and transportation 

logistics, thereby reducing the risks of stockouts excess inventory delays (Waller and Fawcett, 

2013; Hubner et al., 2016; Kumar et al., 2022; Sharma et al., 2022; Oliveira and Pereira, 2023; 

Hirsch et al., 2024). 

 

 

3.1.3 Automation and Robotics: 

Automation and robotics used to improve warehouse management, delivery logistics, and 

production scheduling. Automation and robotics play a crucial role in enhancing supply chain 

resilience by improving efficiency, speed, and adaptability. There technologies optimize processes 

like order picking, sorting, and packaging, facilitating quicker response times and continuous 

operations. Additionally, real time tracking systems and predictive analytics enhance inventory 

management and allow for proactive measure against disruptions. Automated systems provide 

increased flexibility, enabling rapid modifications to production lines and lessening the effects of 

labor shortage or supply chain disruptions. By decreasing reliance on manual labor, organizations 

can sustain operations during crises, resulting in a more agile and cost-efficient supply chain 

(Akbari and Do, 2021; Rahman et al.,2022; Al Bashar et al., 2024).     

Furthermore, automation enhances supply chain visibility, data driven decision making, and risk 

management. Timely data enables organizations to detect bottlenecks and inefficiencies at an early 

stage, while robotics enhance safety by handling dangerous tasks. Moreover, automation fosters 

sustainability by maximizing resource utilization and minimizing waste. Although there are 

obstacles, including substantial initial costs and integration difficulties, the enduring advantages 

such as enhanced scalability, shorter lead time, and increased agility by positing automation as 

crucial facilitator of robust and future ready supply chain (Chaudhari, 2019; Nitsche, 2021; 

Martinez, 2023).  

 3.1.4 Natural Language Processing:  

Natural language processing used to enhance supply chain communication and decision making 

through sentiment analysis and communication automation. Natural language processing plays a 

significant role in enhancing supply chain resilience by improving communication, decision 

making, and risk management. By examining unstructured text data from various sources, natural 

language processing facilitates demand forecasting, sentiment analysis, and market intelligence. 

This capability allows organizations to better predict fluctuations in demand and shift in market 
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conditions. Moreover, it’s been found that natural language processing aids in optimizing supplier 

relationship management by automating contract evaluations and enable real time 

communications, thereby improving responsiveness to potential disruptions. Furthermore, natural 

language processing technologies can identify emerging risks by analyzing textual information for 

early indicators of supply chain risk, such as natural disasters (Agarwal, and Jayant, 2019; Zhou  

et al., 2021; Aslam, and Calghan, 2023; Janjua et al., 2023).    

On the other hand, natural language processing plays a significant role in optimizing operations, 

including the automation of document processing to expedite customers clearance and inventory 

management, as well as, improving customer services virtual assistants. It enhances supply chain 

visibility by consolidating and summarizing data from various functions, which promotes 

improved collaboration across departments and accelerates decision making processes. 

Nevertheless, issues such as data quality, integration challenges, and privacy concerns must be 

tackled. Overall, natural language processing strengthens supply chain resilience by providing 

valuable insights, enabling proactive risk mitigation, and improving efficiency and agility in 

response to disruptions (Agarwal, and Jayant, 2019; Zhou  et al., 2021; Kalusivalingam et al., 

2022; Aslam, and Calghan, 2023; Janjua et al., 2023).    

3.2 Supply Chain Functions and AI Application  

AI applications were found across various supply chain functions:  

3.2.1 Logistics and Distribution  

AI in logistics and distribution is employed to enhance flexibility and responsiveness by 

optimizing routes, forecasting demand, and managing inventory. AI enhance route planning, fleet 

management, and delivery scheduling by utilizing real time data. Machine learning algorithms are 

capable of forecasting traffic trends, weather related disruptions, and fluctuations in demand, 

thereby improving route efficiency (Agarwal et al., 2022; Wang et al., 2022; Mariappan et al., 

2023; Wang et al., 2022).  

3.2.2 Procurement  

In procurement, AI assists organizations in selecting suppliers, negotiating agreements, and 

evaluate supplier performance. Natural language processing is capable of examining contract 

provisions, identifying potential risks, and recognizing patterns in supplier activities (Muller et al., 

2020; Pournader et al., 2021; Guan et al., 2022). Additionally, AI enhances supplier risk 

management by monitoring geopolitical, economic, or operational factors that impact supply 

chains (Guan et al., 2022).   

3.2.3 Inventory Management  

AI improves inventory forecasting, optimizing stock levels and reducing disruptions. AI driven 

systems have the capability to enhance inventory management by continuously analyzing sale data, 

supplier efficiency, and demand indicators. Theres AI solutions forecast stock needs and streamline 

the reordering process, enabling companies to sustain ideal inventory levels (Wong et al., 2021; 

Wamba et al., 2021; Choi et al., 2022; Li et al., 2022; Zhu etal., 2022; Wang and Zhang, 2022).  

3.2.4 Production and Manufacturing  
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AI driven predictive maintenance, process optimization, and automation enhance production 

resilience. AI applications enhance agility and flexibility, minimize disruptions, and improve 

resilience by allowing manufacturers to quickly respond to changes in demand, equipment 

performance, or external chain challenges (Ivanov et al., 2021; Wamba et al., 2021; Kumar et al., 

2022; Jain et al.,2023).  

3.2.5 Demand Forecasting  

The accuracy of demand forecasting has been significantly improved by AI technologies, such as 

machine learning and deep learning, which assist companies in managing uncertainty. AI used 

historical data, external factors, and real time information to forecast demand with high accuracy. 

Machine learning algorithms are capable of analyzing previous patterns and modifying their 

forecasts in response to changing elements such as seasonal variations, market dynamics, or 

economic fluctuations (Kondapaka , 2021; Wamba et al., 2021; Muthukalyani, 2023).   

3.3 Resilience Dimension Enhanced by AI  

AI was found to contribute several dimensions of supply chain resilience: 

3.3.1 Agility  

Real time decision making is enabled by AI, which allows supply chains to quickly adapt to 

changing conditions and disruptions. AI improve agility by enabling quick responses to 

unexpected changes or disruptions within supply chain. Utilizing real time data analytics, machine 

learning and predictive analytics, AI can quickly identify shifts in demand, supply chain 

bottlenecks or recognizing production inefficiencies. For instance, AI powered systems can 

dynamically modify production schedules, redirect shipments, or change suppliers in response to 

evolving circumstances. This capability enables organizations to quickly adjust to disruptions such 

as unexpected demand increases, material shortages, or interruptions in the supply chain, thereby 

maintaining a responsive and adaptable operational framework (Ivanov et al., 2020; Choudhury et 

al.,2021; Wamba, 2022; Belhadi et al.,2024; Ma and Chang, 2024).    

3.3.2 Flexibility 

The use of AI tools enhances the flexibility of supply chains to adapt to changing demand and 

supply conditions. AI improves flexibility by allowing systems to quickly respond to changing 

conditions, which include modifying production methods, finding new suppliers, or integrating 

advance technologies. Tools such as predictive maintenance, AI driven process optimization, and 

digital twins allow organizations to rapidly reorganize production lines, investigate alternative 

materials, or modify workflows with little interruption. AI-driven system assists manufacture in 

adjusting production strategies for various product versions, meeting emerging market demands, 

or transitioning to new business models with reduced lead times (Ghobakhloo, 2020; Modgil et 

al., 2022; Ghobakhloo et al., 2023; Khan et al., 2024).  

3.3.3 Robustness  

While less common, AI is used to improve the overall robustness supply chain by enhancing risk 

mitigation strategies. AI improves robustness by bolstering an organization’s capacity to endure 

and sustain performance during disruptions. Tools such as real-time monitoring, predictive 
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analytics, and process optimization enable the identification of weaknesses in supply chains and 

production processes prior to their escalation into significant problems. Through the continuous 

analysis od data from diverse sources, AI can recognize anomalies or deviations in performance at 

an early stage, empowering businesses to implement corrective measure before a disruption 

adversely affects operations. The capability of AI enhances production efficiency, minimize 

downtime, and maintain quality control contributes to the overall resilience of manufacturing 

systems and supply chains (Baryannis et al.,2019; Ghobakhloo, 2020; Ivanov et al., 2020; Yang et 

al., 2022; Wang et al.,2024).      

 

 

3.3.4 Recovery  

AI applications in recovery process, such as post disruption analysis and contingency planning, 

remain limited but are growing in importance. AI enhances recovery efforts by facilitating the 

rapid detection of issues and the execution of solutions, thereby enabling supply chains and 

production systems to resume normal operations more quickly. AI powered scenario planning and 

simulation models equip businesses with the ability to assess the potential effects of disruptions, 

formulate recovery strategies, and automate recovery procedures. Furthermore, AI driven tools 

assist in making real time modifications in production, inventory management, and distribution 

during system disruptions, ensuring a quicker restoration of operational stability (Baryannis et 

al.,2019; Ghobakhloo, 2020; Ivanov et al., 2020; Kalusivalingam et al., 2022; Modgil et al., 2022; 

Ghobakhloo et al., 2023; Khan et al., 2024 ).      

4. Discussion: 

The result of this systematic mapping review highlights the significant potential of artificial 

intelligence to strengthen multiple aspects of supply chain resilience. Among various AI 

technologies, machine learning and predictive analytics are the most commonly utilized, especially 

in enhancing agility and flexibility within supply chains (Baryannis et al., 2019; Choi et al., 2020; 

Ni et al., 2020; Akbari, 2021; Riahi et al., 2021; Trikolaee et al., 2021; Ghauhan et al., 2022; Ghazal 

et al., 2022; Akhari etal., 2023; Dey et al., 2023; Yang et al., 2023). Nevertheless, the incorporation 

of AI into human decision-making process, particularly in the context of human AI collaboration 

for decision support, is an area that requires further investigation. Furthermore, although AI has 

proven beneficial in bolstering short term resilience during disruption, additional research is 

necessary to understand its long-term effects on supply chain robustness and the sustainable 

integration of AI technologies into supply chain operations (Baryannis et al., 2019; Belhadi et al., 

2021; Zamani et al., 2023; Belhadi, et al., 2024). 

Supply chain resilience is becoming increasingly dependent on the evolution of Artificial 

Intelligence (AI). In spite of the promising applications, there are still many areas need to be 

explored and investigated.  

Further investigations into AI and supply chain resilience must focus in several important areas. 

Firstly, it is essential to examine the collaboration between humans and AI in supply chain 

management, particularly how AI can enhance the decision-making capabilities of human 
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operators to improve resilience. Understanding the dynamics between human expertise and AI 

capabilities will be crucial for maximizing the benefits of both in complex decision-making 

processes. Secondly, additional research is necessary to evaluate the long-term effects of AI on the 

robustness of supply chains, especially its capacity to handle persistent disruptions over extended 

periods, such as continuous resources shortages or long-term environmental changes.  

Furthermore, the application of AI in crisis recovery, specifically its contribution to disaster 

recovery strategies and post pandemic recovery are presents a significant opportunity for further 

study. Research should focus on how AI enable tools can facilitate rapid recovery, refine response 

strategies, and bolster resilience during emergencies. Lastly, the ethical implications and 

governance surrounding the implementation of AI in supply chain require more comprehensive 

examination. This encompasses ensuring transparency in AI decision making, addressing ethical 

issues related to bias and fairness, and establishing governance structures to regulate AI usage in 

supply chain activities. These topics are essential for enhancing the role of AI in creating resilient, 

ethical, and sustainable supply chins.      

5. Conclusion: 

The impact of AI on supply chain resilience is explored through this review. AI technologies have 

a significant impact on the agility and flexibility of supply chains during disruptions. More 

research is needed to integrating AI with human decision making for long-term. The paper 

emphasizes AI’s potential in building stronger, adaptable supply chains for researchers and 

practitioners.  

 

References:  

Ali, A., & Khan, S. (2023), “Building resilience in supply chains: Strategies for the future”, 

Journal of Supply Chain Management, 45(2), 123-145.  

Arksey, H., & O’Malley, L. (2005). Scoping studies: towards a methodological framework. 

International Journal of Social Research Methodology, 8(1), 19–32. 

https://doi.org/10.1080/1364557032000119616 

Akbari, M. and Do, T.N.A. (2021), "A systematic review of machine learning in logistics and 

supply chain management: current trends and future directions", Benchmarking: An 

International Journal, Vol. 28 No. 10, pp. 2977-3005. https://doi.org/10.1108/BIJ-10-

2020-0514. 

Akhtar, P., Ghouri, A.M., Khan, H.U.R. et al. (2023). Detecting fake news and disinformation 

using artificial intelligence and machine learning to avoid supply chain disruptions. Ann 

Oper Res 327, 633–657 (2023). https://doi.org/10.1007/s10479-022-05015-5.  

Al Bashar, M., Taher, M. A., Islam, M. K., & Ahmed, H. (2024), “The Impact of Advanced 

Robotics And Automation On Supply Chain Efficiency In Industrial Manufacturing: A 

Comparative Analysis Between The Us And Bangladesh”, Global Mainstream Journal of 

Business, Economics, Development & Project Management, 3(03), 28-41.  

https://doi.org/10.61856/nrcn3x58
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://doi.org/10.1080/1364557032000119616
https://doi.org/10.1108/BIJ-10-2020-0514
https://doi.org/10.1108/BIJ-10-2020-0514
https://doi.org/10.1007/s10479-022-05015-5


 .2025 اير فبر  27، العدد الأول، الثاني(، المجلد  GJMSRمجلة البوابة للدراسات والأبحاث الحديثة )

Gateway Journal for Modern Studies and Research (GJMSR), vol.2, no.1, 27 Feb. 2025 

https://doi.org/10.61856/nrcn3x58 
 

12 
 

This work is licensed under a Creative Commons Attribution 4.0 International License.  

 

Aslam, F., & Calghan, J. (2023), “Using NLP to Enhance Supply Chain Management Systems”, 

Journal of Engineering Research and Reports, 25(9), 211-219, 

https://doi.org/10.9734/JERR/2023/v25i9994.  

Agarwal, A., & Jayant, A. (2019),”Machine Learning and Natural Language Processing in Supply 

Chain Management: A Comprehensive Review and Future Research Directions”, 

International Journal of Business Insights & Transformation, 13(1). 

Agarwal, U., Rishiwal, V., Tanwar, S., Chaudhary, R., Sharma, G., Bokoro, P. N., & Sharma, R. 

(2022), “Blockchain technology for secure supply chain management: A comprehensive 

review”, Ieee Access, 10, 85493-85517, https://doi.org/10.1109/ACCESS.2022.3194319.  

Baryannis, G., Validi, S., Dani, S., & Antoniou, G. (2018). Supply chain risk management and 

artificial intelligence: state of the art and future research directions. International Journal 

of Production Research, 57(7), 2179–2202. 

https://doi.org/10.1080/00207543.2018.1530476.  

Beck, J., Birkel, H., Spieske, A., & Gebhardt, M. (2023), “Will the blockchain solve the supply 

chain resilience challenges? Insights from a systematic literature review”, Computers & 

Industrial Engineering, 109623, https://doi.org/10.1016/j.cie.2023.109623.  

Belhadi, A., Kamble, S., Fosso Wamba, S., & Queiroz, M. M. (2021). Building supply-chain 

resilience: an artificial intelligence-based technique and decision-making 

framework. International Journal of Production Research, 60(14), 4487–4507. 

https://doi.org/10.1080/00207543.2021.1950935.  

Belhadi, A., Mani, V., Kamble, S. S., Khan, S. A. R., & Verma, S. (2024), “Artificial intelligence-

driven innovation for enhancing supply chain resilience and performance under the effect 

of supply chain dynamism: an empirical investigation”, Annals of Operations 

Research, 333(2), 627-652, https://doi.org/10.1007/s10479-021-03956-x.  

Büyüközkan, G., & Göçer, F. (2018), “Digital Supply Chain: Literature review and a proposed 

framework for future research”, Computers in industry, 97, 157-177, 

https://doi.org/10.1016/j.compind.2018.02.010.  

Christopher, M. and Peck, H. (2004), “Building the resilient supply chain”, International Journal 

of Logistics Management, Vol. 15 No. 2, pp. 1-14, 

http://dx.doi.org/10.1108/09574090410700275.  

Chauhan, S., Singh, R., Gehlot, A., Akram, S. V., Twala, B., & Priyadarshi, N. (2022), 

“Digitalization of supply chain management with industry 4.0 enabling technologies: a 

sustainable perspective”, Processes, 11(1), 96, https://doi.org/10.3390/pr11010096.  

Choi, J., Gu, B., Chin, S., & Lee, J. S. (2020), “Machine learning predictive model based on 

national data for fatal accidents of construction workers”, Automation in 

Construction, 110, 102974, https://doi.org/10.1016/j.autcon.2019.102974.  

https://doi.org/10.61856/nrcn3x58
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://doi.org/10.9734/JERR/2023/v25i9994
https://doi.org/10.1109/ACCESS.2022.3194319
https://doi.org/10.1080/00207543.2018.1530476
https://doi.org/10.1016/j.cie.2023.109623
https://doi.org/10.1080/00207543.2021.1950935
https://doi.org/10.1007/s10479-021-03956-x
https://doi.org/10.1016/j.compind.2018.02.010
http://dx.doi.org/10.1108/09574090410700275
https://doi.org/10.3390/pr11010096
https://doi.org/10.1016/j.autcon.2019.102974


 .2025 اير فبر  27، العدد الأول، الثاني(، المجلد  GJMSRمجلة البوابة للدراسات والأبحاث الحديثة )

Gateway Journal for Modern Studies and Research (GJMSR), vol.2, no.1, 27 Feb. 2025 

https://doi.org/10.61856/nrcn3x58 
 

13 
 

This work is licensed under a Creative Commons Attribution 4.0 International License.  

 

Chaudhari, N. (2019), “Impact of automation technology on logistics and supply chain 

management”, American Journal of Theoretical and Applied Business, 5(3), 53-58, 

https://doi.org/10.11648/j.ajtab.20190503.12.  

Choi, T. M., Kumar, S., Yue, X., & Chan, H. L. (2022), “Disruptive technologies and operations 

management in the Industry 4.0 era and beyond”, Production and Operations 

Management, 31(1), 9-31, https://doi.org/10.1111/poms.13622.  

Choudhury, A., Behl, A., Sheorey, P. A., & Pal, A. (2021), “Digital supply chain to unlock new 

agility: a TISM approach”, Benchmarking: an international journal, 28(6), 2075-2109, 

https://doi.org/10.1108/BIJ-08-2020-0461.  

Davis, J., K. Mengersen, S. Bennett, and L. Mazerolle. 2014. “Viewing Systematic Reviews and 

Meta-analysis in Social Research Through Different Lenses.” SpringerPlus 3 (1): 511–

519, https://doi.org/10.1186/2193-1801-3-511.  

Dey, P. K., Chowdhury, S., Abadie, A., Vann Yaroson, E., & Sarkar, S. (2024), “Artificial 

intelligence-driven supply chain resilience in Vietnamese manufacturing small-and 

medium-sized enterprises”, International Journal of Production Research, 62(15), 5417-

5456, https://doi.org/10.1080/00207543.2023.2179859.  

Dubey, R., Bryde, D. J., Blome, C., Roubaud, D., & Giannakis, M. (2021),”Facilitating artificial 

intelligence powered supply chain analytics through alliance management during the 

pandemic crises in the B2B context”, Industrial Marketing Management, 96, 135-146, 

https://doi.org/10.1016/j.indmarman.2021.05.003.  

Ghadge, A., Er, M., Ivanov, D., & Chaudhuri, A. (2022), “Visualisation of ripple effect in supply 

chains under long-term, simultaneous disruptions: a system dynamics 

approach”, International Journal of Production Research, 60(20), 6173-6186, 

https://doi.org/10.1080/00207543.2021.1987547.  

Grant, M. J., & Booth, A. (2009), “A typology of reviews: an analysis of 14 review types and 

associated methodologies”, Health information & libraries journal, 26(2), 91-108, 

https://doi.org/10.1111/j.1471-1842.2009.00848.x.  

Ghazal, T. M., & Alzoubi, H. M. (2022),”Fusion-based supply chain collaboration using machine 

learning techniques”, Intelligent Automation & Soft Computing, 31(3), 1671-1687, 

https://doi.org/10.32604/iasc.2022.019892.  

Guan, Y., Huang, Y., & Qin, H. (2022), “Inventory Management Optimization of Green Supply 

Chain Using IPSO‐BPNN Algorithm under the Artificial Intelligence”, Wireless 

Communications and Mobile Computing, 2022(1), 8428964, 

https://doi.org/10.1155/2022/8428964.  

Ghobakhloo, M. (2020), “Determinants of information and digital technology implementation for 

smart manufacturing”, International Journal of Production Research, 58(8), 2384-2405, 

https://doi.org/10.1080/00207543.2019.1630775.  

https://doi.org/10.61856/nrcn3x58
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://doi.org/10.11648/j.ajtab.20190503.12
https://doi.org/10.1111/poms.13622
https://doi.org/10.1108/BIJ-08-2020-0461
https://doi.org/10.1186/2193-1801-3-511
https://doi.org/10.1080/00207543.2023.2179859
https://doi.org/10.1016/j.indmarman.2021.05.003
https://doi.org/10.1080/00207543.2021.1987547
https://doi.org/10.1111/j.1471-1842.2009.00848.x
https://doi.org/10.32604/iasc.2022.019892
https://doi.org/10.1155/2022/8428964
https://doi.org/10.1080/00207543.2019.1630775


 .2025 اير فبر  27، العدد الأول، الثاني(، المجلد  GJMSRمجلة البوابة للدراسات والأبحاث الحديثة )

Gateway Journal for Modern Studies and Research (GJMSR), vol.2, no.1, 27 Feb. 2025 

https://doi.org/10.61856/nrcn3x58 
 

14 
 

This work is licensed under a Creative Commons Attribution 4.0 International License.  

 

Ghobakhloo, M., Iranmanesh, M., Foroughi, B., Tseng, M. L., Nikbin, D., & Khanfar, A. A. (2023), 

“Industry 4.0 digital transformation and opportunities for supply chain resilience: a 

comprehensive review and a strategic roadmap”, Production Planning & Control, 1-31, 

https://doi.org/10.1080/09537287.2023.2252376.  

Hemsley-Brown, J., and I. Oplatka. (2015), “University Choice: What Do We Know, What Don’t 

We Know and What Do We Still Need to Find Out?” International Journal of Educational 

Management 29 (3): 254–274, https://doi.org/10.1108/IJEM-10-2013-0150.  

Hirsch, K., Niemann, W., & Swart, B. (2024), “Artificial intelligence and information systems 

capabilities for supply chain resilience: A study in the South African fast-moving 

consumer goods industry”, Journal of Transport and Supply Chain Management, 18, 

1025, https://doi.org/10.4102/jtscm.v18i0.1025.  

Hohenstein, N.O., Feisel, E., Hartmann, E. and Giunipero, L. (2015), “Research on the 

phenomenon of supply chain resilience: a systematic review and paths for further 

investigation”, International Journal of Physical Distribution and Logistics Management, 

Vol. 45 Nos 1-2, pp. 90-117, https://doi.org/10.1108/IJPDLM-05-2013-0128.  

Hübner, A., Holzapfel, A., & Kuhn, H. (2016), “Distribution systems in omni-channel retailing.”, 

Business Research, 9, 255-296, https://doi.org/10.1007/s40685-016-0034-7.  

Ivanov, D., Dolgui, A., & Sokolov, B. (2019), “The impact of digital technology and Industry 4.0 

on the ripple effect and supply chain risk analytics”, International journal of production 

research, 57(3), 829-846, https://doi.org/10.1080/00207543.2018.1488086.  

Ivanov, D. (2020), “Predicting the impacts of epidemic outbreaks on global supply chains: A 

simulation-based analysis on the coronavirus outbreak (COVID-19/SARS-CoV-2) 

case”, Transportation Research Part E: Logistics and Transportation Review, 136, 

101922, https://doi.org/10.1016/j.tre.2020.101922.  

Ivanov, D. (2021), “Supply chain viability and the COVID-19 pandemic: a conceptual and formal 

generalisation of four major adaptation strategies”, International Journal of Production 

Research, 59(12), 3535-3552, https://doi.org/10.1080/00207543.2021.1890852.  

Jain, M., Soni, G., Verma, D., Baraiya, R., & Ramtiyal, B. (2023), “Selection of technology 

acceptance model for adoption of industry 4.0 technologies in agri-fresh supply chain”, 

Sustainability, 15(6), 4821, https://doi.org/10.3390/su15064821.  

Janjua, N. K., Nawaz, F., & Prior, D. D. (2023), “A fuzzy supply chain risk assessment approach 

using real-time disruption event data from Twitter”, Enterprise Information 

Systems, 17(4), 1959652, https://doi.org/10.1080/17517575.2021.1959652.  

Khan, S., Zehra, F. T., & Khan, S. (2024), “Optimizing Organizational Agility: The Symbiotic 

Impact of AI-Enhanced Supply Chain Collaboration and Risk Management on 

Performance and Flexibility”, Engineering Proceedings, 76(1), 68, 

https://doi.org/10.3390/engproc2024076068.  

https://doi.org/10.61856/nrcn3x58
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://doi.org/10.1080/09537287.2023.2252376
https://doi.org/10.1108/IJEM-10-2013-0150
https://doi.org/10.4102/jtscm.v18i0.1025
https://doi.org/10.1108/IJPDLM-05-2013-0128
https://doi.org/10.1007/s40685-016-0034-7
https://doi.org/10.1080/00207543.2018.1488086
https://doi.org/10.1016/j.tre.2020.101922
https://doi.org/10.1080/00207543.2021.1890852
https://doi.org/10.3390/su15064821
https://doi.org/10.1080/17517575.2021.1959652
https://doi.org/10.3390/engproc2024076068


 .2025 اير فبر  27، العدد الأول، الثاني(، المجلد  GJMSRمجلة البوابة للدراسات والأبحاث الحديثة )

Gateway Journal for Modern Studies and Research (GJMSR), vol.2, no.1, 27 Feb. 2025 

https://doi.org/10.61856/nrcn3x58 
 

15 
 

This work is licensed under a Creative Commons Attribution 4.0 International License.  

 

Kalusivalingam, A. K., Sharma, A., Patel, N., & Singh, V. (2022), “Enhancing Supply Chain 

Resilience through AI: Leveraging Deep Reinforcement Learning and Predictive 

Analytics”, International Journal of AI and ML, 3(9), 

https://www.cognitivecomputingjournal.com/index.php/IJAIML-V1/article/view/68.  

Kamble, S. S., Gunasekaran, A., & Sharma, R. (2020), “Modeling the blockchain enabled 

traceability in agriculture supply chain”, International Journal of Information 

Management, 52, 101967, https://doi.org/10.1016/j.ijinfomgt.2019.05.023 

Kitchenham, B., and S. Charters. (2007), "Guidelines for Performing Systematic Literature 

Reviews in Software Engineering.",Technical Report, Ver. 2.3 EBSE Technical Report, 

EBSE, SN.  

Kondapaka, K. K. (2021), “Advanced Artificial Intelligence Techniques for Demand Forecasting 

in Retail Supply Chains: Models, Applications, and Real-World Case Studies”, African 

Journal of Artificial Intelligence and Sustainable Development, 1(1), 180-218, 

https://doi.org/10.61784/jtfe3022.  

Kalusivalingam, A. K., Sharma, A., Patel, N., & Singh, V. (2022),”Enhancing Supply Chain 

Resilience through AI: Leveraging Deep Reinforcement Learning and Predictive 

Analytics”, International Journal of AI and ML, 3(9), 

https://www.cognitivecomputingjournal.com/index.php/IJAIML-V1/article/view/68.  

Kumar, D., Soni, G., Joshi, R., Jain, V., & Sohal, A. (2022), “Modelling supply chain viability 

during COVID-19 disruption: A case of an Indian automobile manufacturing supply 

chain”, Operations Management Research, 15(3), 1224-1240, 

https://doi.org/10.1007/s12063-022-00277-5.  

Lin, H., Lin, J., & Wang, F. (2022),”An innovative machine learning model for supply chain 

management”, Journal of Innovation & Knowledge, 7(4), 100276, 

https://doi.org/10.1016/j.jik.2022.100276.  

Ma, L., & Chang, R. (2024),”How big data analytics and artificial intelligence facilitate digital 

supply chain transformation: the role of integration and agility”, Management Decision, 

https://doi.org/10.1108/MD-10-2023-1822.  

Martinez, P. (2023), “Integration of Robotic Process Automation (RPA) and Internet of Things 

(IoT) in Supply Chain Management: Enhancing Visibility and Efficiency”, Journal of 

Innovative Technologies, 6(1), 1-8, https://academicpinnacle.com/index.php/JIT/index.  

Mariappan, M. B., Devi, K., Venkataraman, Y., Lim, M. K., & Theivendren, P. (2023), “Using AI 

and ML to predict shipment times of therapeutics, diagnostics and vaccines in e-pharmacy 

supply chains during COVID-19 pandemic”, The International Journal of Logistics 

Management, 34(2), 390-416, https://doi.org/10.1108/IJLM-05-2021-0300.  

Mueller, D., & Schmitt, T. V. (2020),”Production planning in autonomous and matrix-structured 

assembly systems: Effects of similarity of precedence graphs on order release 

sequencing”, Procedia CIRP, 93, 1358-1363, 

https://doi.org/10.1016/j.procir.2020.06.002.  

https://doi.org/10.61856/nrcn3x58
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://www.cognitivecomputingjournal.com/index.php/IJAIML-V1/article/view/68
https://doi.org/10.1016/j.ijinfomgt.2019.05.023
https://doi.org/10.61784/jtfe3022
https://www.cognitivecomputingjournal.com/index.php/IJAIML-V1/article/view/68
https://doi.org/10.1007/s12063-022-00277-5
https://doi.org/10.1016/j.jik.2022.100276
https://doi.org/10.1108/MD-10-2023-1822
https://academicpinnacle.com/index.php/JIT/index
https://doi.org/10.1108/IJLM-05-2021-0300
https://doi.org/10.1016/j.procir.2020.06.002


 .2025 اير فبر  27، العدد الأول، الثاني(، المجلد  GJMSRمجلة البوابة للدراسات والأبحاث الحديثة )

Gateway Journal for Modern Studies and Research (GJMSR), vol.2, no.1, 27 Feb. 2025 

https://doi.org/10.61856/nrcn3x58 
 

16 
 

This work is licensed under a Creative Commons Attribution 4.0 International License.  

 

Modgil, S., Singh, R. K., & Hannibal, C. (2022), “Artificial intelligence for supply chain 

resilience: learning from Covid-19”, The International Journal of Logistics 

Management, 33(4), 1246-1268, https://doi.org/10.1108/IJLM-02-2021-0094.  

Muthukalyani, A. R. (2023),”Unlocking Accurate Demand Forecasting in Retail Supply Chains 

with AI-driven Predictive Analytics”, Information Technology and Management, 14(2), 

48-57. 

Nitsche, B. (2021), “Exploring the Potentials of automation in logistics and supply chain 

management: Paving the way for autonomous supply chains”, Logistics, 5(3), 51, 

https://doi.org/10.3390/logistics5030051.  

Oliveira, E. E., & Pereira, T. (2023), “A new generation? a discussion on deep generative models 

in supply chains”, In IFIP International Conference on Advances in Production 

Management Systems (pp. 444-457), https://doi.org/10.1007/978-3-031-43662-8_32.  

Palmatier, R. W., M. B. Houston, and J. Hulland. 2018. “Review Articles: Purpose, Process, and 

Structure.” Journal of the Academy of Marketing Science 46: 1–5, 

https://doi.org/10.1007/s11747-017-0563-4.  

Papachristos, V., Antonopoulos, C., Rachaniotis, N. P., Spontas, D., & Dasaklis, T. K. (2023),”The 

Potential of ICT Adoption in Promoting Sustainable and Resilient Supply Chains: 

Evidence from Greek Logistics Firms”, Sustainability, 15(22), 15854, 
https://doi.org/10.3390/su152215854.   

Paul, S. K., & Chowdhury, P. (2021),”A production recovery plan in manufacturing supply chains 

for a high-demand item during COVID-19”, International Journal of Physical 

Distribution & Logistics Management, 51(2), 104-125, https://doi.org/10.1108/IJPDLM-

04-2020-0127.  

Petersen, K., Vakkalanka, S., & Kuzniarz, L. (2015), “Guidelines for conducting systematic 

mapping studies in software engineering: An update”,  Information and software 

technology, 64, 1-18, https://doi.org/10.1016/j.infsof.2015.03.007.   

Petersen, K., Feldt, R., Mujtaba, S., & Mattsson, M. (2008), “Systematic mapping studies in 

software engineering”, In 12th international conference on evaluation and assessment in 

software engineering (EASE). BCS Learning & Development, 

https://doi.org/10.14236/ewic/EASE2008.8.  

Ponomarov, S.Y. and Holcomb, M.C. (2009), “Understanding the concept of supply chain 

resilience”, International Journal of Logistics Management, Vol. 20 No. 1, pp. 124-143, 

https://doi.org/10.1108/09574090910954873.  

Pournader, M., Ghaderi, H., Hassanzadegan, A., & Fahimnia, B. (2021), “Artificial intelligence 

applications in supply chain management”, International Journal of Production 

Economics, 241, 108250, https://doi.org/10.1016/j.ijpe.2021.108250.  

https://doi.org/10.61856/nrcn3x58
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://doi.org/10.1108/IJLM-02-2021-0094
https://doi.org/10.3390/logistics5030051
https://doi.org/10.1007/978-3-031-43662-8_32
https://doi.org/10.1007/s11747-017-0563-4
https://doi.org/10.3390/su152215854
https://doi.org/10.1108/IJPDLM-04-2020-0127
https://doi.org/10.1108/IJPDLM-04-2020-0127
https://doi.org/10.1016/j.infsof.2015.03.007
https://doi.org/10.14236/ewic/EASE2008.8
https://doi.org/10.1108/09574090910954873
https://doi.org/10.1016/j.ijpe.2021.108250


 .2025 اير فبر  27، العدد الأول، الثاني(، المجلد  GJMSRمجلة البوابة للدراسات والأبحاث الحديثة )

Gateway Journal for Modern Studies and Research (GJMSR), vol.2, no.1, 27 Feb. 2025 

https://doi.org/10.61856/nrcn3x58 
 

17 
 

This work is licensed under a Creative Commons Attribution 4.0 International License.  

 

Rahman, T., Paul, S. K., Shukla, N., Agarwal, R., & Taghikhah, F. (2022), “Supply chain resilience 

initiatives and strategies: A systematic review”, Computers & Industrial 

Engineering, 170, 108317, https://doi.org/10.1016/j.cie.2022.108317.  

Riahi, Y., Saikouk, T., Gunasekaran, A., & Badraoui, I. (2021), “Artificial intelligence applications 

in supply chain: A descriptive bibliometric analysis and future research directions”, Expert 

Systems with Applications, 173, 114702, https://doi.org/10.1016/j.eswa.2021.114702.  

Sheldon, T., & Chalmers, I. (1994), “The UK Cochrane Centre and the NHS Centre for reviews 

and dissemination: respective roles within the information systems strategy of the NHS 

R&D programme, coordination and principles underlying collaboration.”, Health 

economics, 3(3), 201-203. 

Sharma, R., Shishodia, A., Gunasekaran, A., Min, H., & Munim, Z. H. (2022), “The role of 

artificial intelligence in supply chain management: mapping the territory”, International 

Journal of Production Research, 60(24), 7527-7550, 

https://doi.org/10.1080/00207543.2022.2029611.  

Singh, S., Kumar, R., Panchal, R., & Tiwari, M. K. (2021), “Impact of COVID-19 on logistics 

systems and disruptions in food supply chain”, International journal of production 

research, 59(7), 1993-2008, https://doi.org/10.1080/00207543.2020.1792000.  

Singh, Nitin Kumar, Manish Yadav, Vijai Singh, Hirendrasinh Padhiyar, Vinod Kumar, Shashi 

Kant Bhatia, and Pau-Loke Show (2023), "Artificial intelligence and machine learning-

based monitoring and design of biological wastewater treatment systems.", Bioresource 

technology 369: 128486, https://doi.org/10.1016/j.biortech.2022.128486.  

Soni, G., Jain, V., Chan, F. T., Niu, B., & Prakash, S. (2019),”Swarm intelligence approaches in 

supply chain management: potentials, challenges and future research directions”, Supply 

Chain Management: An International Journal, 24(1), 107-123, 

https://doi.org/10.1108/SCM-02-2018-0070.  

Tirkolaee, E. B., Sadeghi, S., Mooseloo, F. M., Vandchali, H. R., & Aeini, S. (2021),”Application 

of machine learning in supply chain management: a comprehensive overview of the main 

areas”, Mathematical problems in engineering, 2021(1), 1476043, 

https://doi.org/10.1155/2021/1476043.  

Tukamuhabwa, B.R., Stevenson, M., Busby, J. and Zorzini, M. (2015), “Supply chain resilience: 

definition, review and theoretical foundations for further study”, International Journal of 

Production Research, Vol. 53 No. 18, p. 5592, 

https://doi.org/10.1080/00207543.2015.1037934.  

Tjahjono, B., Esplugues, C., Ares, E., & Pelaez, G. (2017), “What does industry 4.0 mean to supply 

chain?”, Procedia manufacturing, 13, 1175-1182, 

https://doi.org/10.1016/j.promfg.2017.09.191.  

Tranfield, D., Denyer, D., & Smart, P. (2003), “Towards a methodology for developing evidence‐

informed management knowledge by means of systematic review”, British journal of 

management, 14(3), 207-222, https://doi.org/10.1111/1467-8551.00375.  

https://doi.org/10.61856/nrcn3x58
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://doi.org/10.1016/j.cie.2022.108317
https://doi.org/10.1016/j.eswa.2021.114702
https://doi.org/10.1080/00207543.2022.2029611
https://doi.org/10.1080/00207543.2020.1792000
https://doi.org/10.1016/j.biortech.2022.128486
https://doi.org/10.1108/SCM-02-2018-0070
https://doi.org/10.1155/2021/1476043
https://doi.org/10.1080/00207543.2015.1037934
https://doi.org/10.1016/j.promfg.2017.09.191
https://doi.org/10.1111/1467-8551.00375


 .2025 اير فبر  27، العدد الأول، الثاني(، المجلد  GJMSRمجلة البوابة للدراسات والأبحاث الحديثة )

Gateway Journal for Modern Studies and Research (GJMSR), vol.2, no.1, 27 Feb. 2025 

https://doi.org/10.61856/nrcn3x58 
 

18 
 

This work is licensed under a Creative Commons Attribution 4.0 International License.  

 

Wang, M., Wu, Y., Chen, B., & Evans, M. (2020),” Blockchain and supply chain management: a 

new paradigm for supply chain integration and collaboration”, Operations and Supply 

Chain Management: An International Journal, 14(1), 111-122, 

https://doi.org/10.31387/oscm0440290 

Wamba, Samuel Fosso, Ransome Epie Bawack, Cameron Guthrie, Maciel M Queiroz, and Kevin 

Daniel André Carillo. (2021), “Are we Preparing for a Good AI Society? A Bibliometric 

Review and Research Agenda.” Technological Forecasting and Social Change 164: 

120482, https://doi.org/10.1016/j.techfore.2020.120482.  

Wang, H., Tao, J., Peng, T., Brintrup, A., Kosasih, E. E., Lu, Y., ... & Hu, L. (2022), “Dynamic 

inventory replenishment strategy for aerospace manufacturing supply chain: combining 

reinforcement learning and multi-agent simulation”, International Journal of Production 

Research, 60(13), 4117-4136, https://doi.org/10.1080/00207543.2021.2020927.  

Wamba, S. F. (2022), “Impact of artificial intelligence assimilation on firm performance: The 

mediating effects of organizational agility and customer agility”, International Journal of 

Information Management, 67, 102544, https://doi.org/10.1016/j.ijinfomgt.2022.102544.  

Wang, J., Zhao, M., Huang, X., Song, Z., & Sun, D. (2024), “Supply chain diffusion mechanisms 

for AI applications: A perspective on audit pricing. International Review of Financial 

Analysis, 93, 103113, https://doi.org/10.1016/j.irfa.2024.103113.  

Waller, M. A., & Fawcett, S. E. (2013), “Data science, predictive analytics, and big data: a 

revolution that will transform supply chain design and management”, Journal of Business 

logistics, 34(2), 77-84, https://doi.org/10.1111/jbl.12010.  

Wang, H., Xie, F., Duan, Q., & Li, J. (2022), “Federated learning for supply chain demand 

forecasting”, Mathematical Problems in Engineering, 2022(1), 4109070, 

https://doi.org/10.1155/2022/4109070.  

Wang, M., & Pan, X. (2022), “Drivers of artificial intelligence and their effects on supply chain 

resilience and performance: an empirical analysis on an emerging market”, 

Sustainability, 14(24), 16836, https://doi.org/10.3390/su142416836.  

Wong, L. W., Tan, G. W. H., Ooi, K. B., Lin, B., & Dwivedi, Y. K. (2024), “Artificial intelligence-

driven risk management for enhancing supply chain agility: A deep-learning-based dual-

stage PLS-SEM-ANN analysis”,  International Journal of Production Research, 62(15), 

5535-5555, https://doi.org/10.1080/00207543.2022.2063089.  

Wong, L. W., Tan, G. W. H., Lee, V. H., Ooi, K. B., & Sohal, A. (2021),”Psychological and system-

related barriers to adopting blockchain for operations management: an artificial neural 

network approach”, IEEE Transactions on Engineering Management, 70(1), 67-81, 

https://doi.org/ 10.1109/TEM.2021.3053359. 

Yang, Z., Guo, X., Sun, J., Zhang, Y., & Wang, Y. (2022),”What does not kill you makes you 

stronger: Supply chain resilience and corporate sustainability through emerging IT 

capability”,  IEEE Transactions on Engineering Management, https://doi.org/ 
10.1109/TEM.2022.3209613.  

https://doi.org/10.61856/nrcn3x58
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://doi.org/10.31387/oscm0440290
https://doi.org/10.1016/j.techfore.2020.120482
https://doi.org/10.1080/00207543.2021.2020927
https://doi.org/10.1016/j.ijinfomgt.2022.102544
https://doi.org/10.1016/j.irfa.2024.103113
https://doi.org/10.1111/jbl.12010
https://doi.org/10.1155/2022/4109070
https://doi.org/10.3390/su142416836
https://doi.org/10.1080/00207543.2022.2063089


 .2025 اير فبر  27، العدد الأول، الثاني(، المجلد  GJMSRمجلة البوابة للدراسات والأبحاث الحديثة )

Gateway Journal for Modern Studies and Research (GJMSR), vol.2, no.1, 27 Feb. 2025 

https://doi.org/10.61856/nrcn3x58 
 

19 
 

This work is licensed under a Creative Commons Attribution 4.0 International License.  

 

Younis, H., Sundarakani, B., & Alsharairi, M. (2022), “Applications of artificial intelligence and 

machine learning within supply chains: systematic review and future research directions” 

Journal of Modelling in Management, 17(3), 916-940, https://doi.org/10.1108/JM2-12-

2020-0322.  

Zamani, E. D., Smyth, C., Gupta, S., & Dennehy, D. (2023), “Artificial intelligence and big data 

analytics for supply chain resilience: a systematic literature review”, Annals of Operations 

Research, 327(2), 605-632, https://doi.org/10.1007/s10479-022-04983-y.  

Zhou, R., Awasthi, A., & Stal-Le Cardinal, J. (2021), “The main trends for multi-tier supply chain 

in Industry 4.0 based on Natural Language Processing”, Computers in Industry, 125, 

103369, https://doi.org/10.1016/j.compind.2020.103369.  

Zhu, Q., Kouhizadeh, M., & Sarkis, J. (2022), “Formalising product deletion across the supply 

chain: blockchain technology as a relational governance mechanism”, International 

Journal of Production Research, 60(1), 92-110, 

https://doi.org/10.1080/00207543.2021.1987552.  

 

 

 

  

 

  

https://doi.org/10.61856/nrcn3x58
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://doi.org/10.1108/JM2-12-2020-0322
https://doi.org/10.1108/JM2-12-2020-0322
https://doi.org/10.1007/s10479-022-04983-y
https://doi.org/10.1016/j.compind.2020.103369
https://doi.org/10.1080/00207543.2021.1987552

